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Background DOTA  Method
• A multi-view sample is represented by multiple 

types of data, often collected from different 
sources, such as various sensors. Multi-view 
clustering (MVC) is to divide the multi-view 
data into disjoint groups.
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• Existing anchor-based MVC methods mainly 
focus on sample-anchor relationships while 
ignoring the intrinsic topology among 
anchors. Meanwhile, rigid anchor constraints 
may distort data distributions and limit the 
ability to capture global structures.

• Traditional MVC methods construct sample-
level graphs to capture data relationships, 
but suffer from high computational costs due 
to quadratic complexity.

• Existing methods often ignore anchor 
topology and impose rigid constraints, which 
may distort intrinsic structures.

(1) DOTA-1 omits the 
anchor-based manifold 
regularizer term.

(2) DOTA-2 discards the 
prior consistency term.

(3) DOTA-3 removes the 
adaptive view-
weighting mechanism 
by assigning equal 
importance to all 
views.

• We propose DOTA, a dual-topology learning 
framework with adaptive anchors, to jointly 
model sample-anchor and anchor-anchor 
relationships. An adaptive view weighting 
strategy is further developed to exploit 
complementary information across views.

We add anchor consistency regularization to
 reuse the historical anchor knowledge, and also 
refine it based on the new data.
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• UDBGL and AEVC are two-stages methods, RCAGL,ALPC and AGLDR are 
orthogonality methods, CAMVC and HRAL are constrained methods

• DOTA achieves competitive or superior results across datasets.

• We propose a novel dual-topology learning method 
with adaptive anchors for multi-view clustering. The 
proposed method jointly models sample-anchor and 
anchor-anchor relationships to preserve intrinsic 
structures. Experimental results demonstrate its 
effectiveness and superiority

• Our method adaptively learns anchor structures and view 
contributions, avoiding rigid constraints and improving 
the robustness of multi-view clustering.
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